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Abstract

In this paper, some estimators of the unknown parameter, reliability func-
tion and hazard rate function of Inverse Pareto distribution under Uni�ed
Hybrid Censoring were derived. The maximum likelihood method, Bayes
and E-Bayes method were used for estimating the parameter, reliability
function and hazard rate function of the Inverse Pareto Distribution. Ap-
proximate con�dence intervals(con�dence interval and credible interval) were
also derived. Comparisons were made in sense of mean squared error and
asymptotic relative e�ciency through Monte Carlo simulation. Finally, the
proposed methods can be understood through illustrating the results of the
real data analysis.

Key words: Inverse Pareto distribution; Uni�ed Hybrid Censoring; Con�-
dence interval; Credible interval; Monte Carlo simulation.

Resumen

En este artículo, algunos estimadores del parámetro desconocido, la fun-
ción de con�abilidad y la función de tasa de riesgo de Se obtuvo la dis-
tribución inversa de Pareto bajo la censura híbrida uni�cada. Se utilizó el
método de máxima verosimilitud, el método de Bayes y el de E-Bayes para
estimar la parámetro, función de con�abilidad y función de tasa de riesgo de
la distribución inversa de Pareto. Aproximado También se derivaron inter-
valos de con�anza (intervalo de con�anza e intervalo de credibilidad). Las
comparaciones se realizaron en sentido de error cuadrático medio y e�cien-
cia relativa asintótica mediante Monte Carlo. simulación. Finalmente, los
métodos propuestos pueden entenderse ilustrando los resultados del análisis
de datos reales.
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1. Introduction

The Pareto distribution is widely used in modeling real-world phenomena that
exhibit a power law relationship, such as income and wealth distributions, city
sizes, and earthquake magnitudes. However, in some cases, the Pareto distribu-
tion may not be an appropriate model, as it assumes that the minimum possible
value is zero, which may not hold in all contexts. To address this limitation, the
inverse Pareto distribution has been proposed as an alternative model that can
accommodate non-zero minimum values.

Inverse distributions are special cases of the class of ratio distributions, in which
the numerator random variable has a degenerate distribution. If the random vari-
able (r.v.) Y has Pareto distribution, then the r.v. X = 1

Y has an inverse Pareto
distribution (IPD) with parameter θ with cumulative distribution function(cdf)

F (x; θ) =

(
x

1 + x

)θ

;x > 0, θ > 0 (1)

and probability density function (pdf)

f(x; θ) =
θxθ−1

(1 + x)1+θ
;x > 0, θ > 0 (2)

Also the Reliability and Hazard rate functions of IPD are given by

R(t; θ) = P (T > t) = 1− F (t) = 1−
(

t

1 + t

)θ

; t > 0, θ > 0 (3)

H(t; θ) =
f(t)

R(t)
=

θtθ−1

(1 + t)1+θ

[
1−

(
t

1+t

)θ] ; t > 0, θ > 0 (4)

The inverse Pareto distribution has been studied in various �elds, including �-
nance, economics, engineering, and environmental science, among others. It has
also been used to model a wide range of phenomena, such as the size of oil reserves,
the value of portfolios, and the concentration of pollutants in water bodies. De-
spite its practical relevance and theoretical interest, the inverse Pareto distribution
has received relatively little attention in the literature, particularly in comparison
to the Pareto distribution.

Inverse Pareto distribution was used to describe demand for the pay-as-bid auc-
tions model in Holmberg (2009). Naghettini et al. (1996) estimated the upper tail
of �oodpeak frequency distribution by the inverse Pareto distribution. For other
applications, see Wildani et al. (2014). Guo & Gui (2018) studied IPD lifetime
model based on stress-strength reliability in case of both classical and Bayesian
approaches. Kumar & Kumar (2020) discussed IPD model based on randomly
censored data. The application of IPD in extreme events is studied by Dankun-
prasert et al. (2021). Kumar et al. (2021) discussed di�erent estimation methods
of the parameter and reliability characteristics of the inverse Pareto distribution
from both classical and Bayesian approaches.
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Censoring occurs when the exact value of a variable of interest is unknown, and
only partial information is available, such as an interval or a threshold value. In
some cases, the censoring mechanism may be a mixture of di�erent types, such as
right, left, and interval censoring. Uni�ed hybrid censoring is a method that can
handle a mixture of di�erent censoring mechanisms in a single model, providing a
more �exible and e�cient approach for analyzing censored data. This technique
is becoming increasingly important in various �elds, including engineering, bio-
medical research, and reliability analysis. Examples of applications include the
analysis of failure time data in medical studies, the estimation of survival proba-
bilities in ecological studies, and the modeling of �nancial data with censoring.

In the Type-I censoring scheme, the test is terminated at �xed T ∈ (0,∞)
and uses the observed samples until that T . In the Type-II censoring scheme, the
test is terminated when samples are observed until the predetermined observation
number (r). These were combined by Childs et al. (2003) and are called the hybrid
censoring scheme that also has two types. Chandrasekar et al. (2004) combined
these two types as the generalized Type-I hybrid censoring scheme and generalized
Type-II hybrid censoring scheme. A mixture of generalized Type-I and Type-II
hybrid censoring scheme is known as the uni�ed hybrid censoring scheme combined
by Balakrishnan et al. (2008). They proposed exact likelihood inference based on
the uni�ed hybrid censoring scheme from the exponential distribution. Panahi
& Sayyareh (2016) studied the estimation and prediction for the Burr Type XII
distribution based on the uni�ed hybrid censoring scheme. Ateya (2017) discussed
the estimations under the inverse Weibull distribution based on the uni�ed hybrid
censoring scheme (UHCS). Kaushik (2019) proposed a progressive interval Type-I
censored life test plan for the Rayleigh distribution. Jeon & Kang (2021) Estimated
the Rayleigh Distribution under Uni�ed Hybrid Censoring. Kumar et al. (2024)
studied parameter and reliability characteristics of Inverse Pareto Distribution
under uni�ed hybrid censoring scheme using classical and Bayesian technique.

Consider a life testing experiment in which n identical unites are placed on a life
test. Let the lifespan of experimental objects be expressed by X1:n, X2:n, . . . , Xn:n

taken from Inverse Pareto distribution with pdf given by equation (2). Assuming
T1 is the predetermined experiment end time and T2 is the extended experiment
end time, let k be the object number that must be observed. Let di (i = 1, 2)
be the number of objects that have been observed until Ti (i = 1, 2) and r be
the predetermined observation number. In other words, it is presumptive that
k < r < n. If the kth failure occurs before time T1, terminate the experiment
at min(max(Xr:n, T1), T2). If the kth failure occurs between T1 and T2, terminate
the experiment at min (Xr:n, T2) and if the kth failure occurs after time T2, then
terminate the experiment atXk:n. Under this censoring scheme, one can guarantee
that the experiment would be completed at most in time T2 with at least k failures
and if not, we can guarantee exactly k failures. Thus, we have the following six
cases:
Case I: 0 < Xk:n < Xr:n < T1 < T2 in which case we terminate at T1,
Case II: 0 < Xk:n < T1 < Xr:n < T2 in which case we terminate at Xr:n,
Case III: 0 < Xk:n < T1 < T2 < Xr:n in which case we terminate at T2,
Case IV: 0 < T1 < Xk:n < Xr:n < T2 in which case we terminate at Xr:n,
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Case V: 0 < T1 < Xk:n < T2 < Xr:n in which case we terminate at T2,
Case VI: 0 < T1 < T2 < Xk:n < Xr:n in which case we terminate at Xk:n.

These six cases make up the uni�ed hybrid censoring system, depending on the
end point and observed number.

In this research paper, we aim to contribute to the literature on the inverse
Pareto distribution by providing a comprehensive overview of its properties and
applications under UHCS. Speci�cally, we will review the existing literature on the
inverse Pareto distribution, including its mathematical properties, and estimation
methods. We will also examine its empirical performance in various contexts
and compare it to other alternative models. Additionally, we aim to provide a
comprehensive review of uni�ed hybrid censoring, focusing on its properties and
applications in various �elds.

To our best knowledge no study has been done to estimate Inverse Pareto
distribution under Uni�ed Hybrid Censoring. The paper is carried out as follows:
In Section 2 the likelihood function is obtained. MlEs for the unknown paremeter,
reliability function and hazard rate function under UHCS is obtained in Section 3
followed by approximate con�dence interval in Section 4. In Section 5 and 6 Bayes
and E-Bayes estimated and Credible intervals are computed. Section 7 depicts
the simulation study conducted for performance evaluation along with real data
analysis. References used for literature review are given in the last section.

2. Maximum Likelihood Estimation

Let X1, X2, . . . , Xn be a random sample of size n taken from the Inverse Pareto
distribution. Then the likelihood function for the six cases of the UHCS are as
follows:

L(x; θ) =
n!

(n−m)!

[
m∏
i=1

f(xi)

]
[1− F (C)]

n−m
(5)

(m,C) =


(d1, T1), for Case I

(r, xr), for Case II and Case IV

(d2, T2), for Case III and Case V

(k, xk), for Case VI

where m indicates the number of total failures in experiment up to time C(end
time point of experiment) and d1 and d2 indicate the number of failures that occur
before time points T1 and T2 respectively, where d = d1 = d2 for Case I.

From (1),(2) and (5) we have,

L(x, θ) =
n!

(n−m)!

m∏
i=1

θxθ−1
i

(1 + xi)θ+1

[
1−

(
C

1 + C

)θ
]n−m

L(x, θ) = Kθm
m∏
i=1

xθ−1
i

(1 + xi)θ+1

[
1−

(
C

1 + C

)θ
]n−m

(6)
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where

K =
n!

(n−m)!

The log likelihood function for equation (6) is given as

lnL(x, θ) = ln(K) +m ln(θ) +

m∑
i=1

ln

[
xθ−1
i

(1 + xi)θ+1

]
+ (n−m) ln

[
1−

(
C

1 + C

)θ
]

= ln(K) +m ln(θ) +

m∑
i=1

ln(xθ−1
i )−

m∑
i=1

ln (1 + xi)
θ+1

+ (n−m) ln

[
1−

(
C

1 + C

)θ
]

= ln(K) +m ln(θ) + (θ − 1)

m∑
i=1

ln(xi)− (θ + 1)

m∑
i=1

ln (1 + xi)

+ (n−m) ln

[
1−

(
C

1 + C

)θ
]

Taking derivation on both sides with respect to θ, we get

∂ lnL

∂θ
=

m

θ
+

m∑
i=1

ln(xi)−
m∑
i=1

ln (1 + xi)

− (n−m)

[
1−

(
C

1 + C

)θ
]−1(

C

1 + C

)θ

ln

(
C

1 + C

)
(7)

Equating equation (7) to zero, we obtain the likelihood equations for the parameter
θ as follow

∂ lnL

∂θ
=

m

θ
+

m∑
i=1

ln

(
xi

1 + xi

)
− (n−m)

[
R−θ − 1

]−1
ln(R) = 0 (8)

where R = ln
(

C
1+C

)
.

The MLE of θ can be found by solving the above likelihood equation. As the
suggested estimator cannot be expressed in closed form, we can use a suitable
numerical technique to obtain the estimator. Moreover, we can obtain the MLE's
of R(t) and H(t) after replacing θ by their MLE as following

R̂(t) = 1−
(

t

1 + t

)θ̂

; t > 0 (9)

Ĥ(t) =
θ̂tθ̂−1

(1 + t)1+θ̂

[
1−

(
t

1+t

)θ̂] ; t > 0 (10)
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3. Approximate Con�dence Interval

To construct the 100(1−α)% con�dence interval for θ, we can use the asymp-

totic normality of the MLE with V ar(θ̂MLE) estimated from the inverse of the
Fisher information. Due to its complicated form we derive the asymptotic vari-
ance by using the observed Fisher information

I(θ) ≃ −∂2 lnL

∂θ2

=
m

θ2
+ (n−m)

[
R−θ − 1

]−2
R−θ(lnR)

2

=
m

θ2
+ (n−m)

[
R−θ +Rθ − 2

]−1
(lnR)

2

Under some mild regularity conditions, ˆθM is approximately normal with mean σ
and variance V ar(θ̂MLE) =

1
I(θ̂M )

.

Hence we can obtain the approximate CI based on the MLE for the parameter
θ as (

θ̂M ± zα/2

√
ˆV ar(θ̂MLE)

)
where zα/2 denotes the percentile of the standard normal distribution with right
tail probability α/2.

Moreover to construct the Approximate con�dence interval(ACI) of the R(t)
and H(t), which they are the functions in the parameter θ, we need to �nd the
variances of them. In order to �nd the approximate estimates of the variances of
R̂(t) and Ĥ(t) we use the delta method. The delta method is a general approach for
computing con�dence intervals for functions of MLEs. According to this method,
the variance of R̂(t) and Ĥ(t) can be approximated, respectively by

σ̂2
R(t) = [∆R̂(t)]T [V̂ ][∆R̂(t)] and σ̂2

H(t) = [∆Ĥ(t)]T [V̂ ][∆Ĥ(t)],

where ∆R̂(t) and ∆Ĥ(t) are the gradient of R̂(t) and Ĥ(t), respectively, with
respect to θ given by

∆R̂(t) =
∂R̂(t)

∂θ
=

∂

∂θ

(
1−

(
t

1 + t

)θ
)

= −
(

t

1 + t

)θ

ln

(
t

1 + t

)

∆Ĥ(t) =
∂Ĥ(t)

∂θ
=

∂

∂θ

 θtθ−1

(1 + t)1+θ

[
1−

(
t

1+t

)θ]


=tθ−1(1 + t)−θ−1

[
ln
(

t
1+t

)θ
−
(

t
1+t

)θ
+ 1

]
[
1−

(
t

1+t

)θ]2
and V̂ = 1

I(θ) . Then, 100(1− α)% intervals for S(t) and H(t) become
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R̂(t)± zα/2

√
σ̂2
R(t)

)
and

(
Ĥ(t)± zα/2

√
σ̂2
H(t)

)
.

4. Bayes and E-Bayesian Estimation

In this section, we obtain Bayesian estimates of the unknown parameter θ, S(t)
and H(t) of IPD(θ) under squared error loss function based on uni�ed hybrid
censoring scheme.

Let the prior distribution of θ be Gamma(a, b) where a and b are the hyper-
parameters such that a, b > 0 i.e.

g(θ) =
e−bθθa−1ba

Γa
(11)

The posterior distribution is obtained by combining equation (6) and (11) as fol-
lows

π(θ|data) = L(data; θ) ∗ g(θ)∫∞
0

L(data; θ) ∗ g(θ)dθ

π(θ|x) =
Kθm

∏m
i=1

xθ−1
i

(1+xi)θ+1

[
1−

(
C

1+C

)θ]n−m
e−bθθa−1ba

Γa∫∞
0

Kθm
∏m

i=1
xθ−1
i

(1+xi)θ+1

[
1−

(
C

1+C

)θ]n−m
e−bθθa−1ba

Γa dθ

=
θm+a−1

∏m
i=1

1
xi(1+xi)

(
xi

1+xi

)θ [
1−Rθ

]n−m
e−bθ

∫∞
0

θm+a−1
∏m

i=1
1

xi(1+xi)

(
xi

1+xi

)θ
[1−Rθ]

n−m
e−bθdθ

=
θm+a−1

∏m
i=1

1
xi(1+xi)

e
θ
∑m

i=1 ln
(

xi
1+xi

) [
1−Rθ

]n−m
e−bθ∫∞

0
θm+a−1

∏m
i=1

1
xi(1+xi)

e
θ
∑m

i=1 ln
(

xi
1+xi

)
[1−Rθ]

n−m
e−bθdθ

π(θ|x) ∝ θm+a−1e
−θ

[
b+

∑m
i=1 ln

(
1+ 1

xi

)] [
1−Rθ

]n−m
(12)

The Bayes estimator of θ using the SELF is

θ̂B ∝ θm+ae
−θ

[
b+

∑m
i=1 ln

(
1+ 1

xi

)] [
1−Rθ

]n−m
(13)

Here, three di�erent prior distributions of hyper-parameters are investigated in
this section to see how they a�ect the E-Bayesian estimates of θ. We select the
hyper-parameters a and b to prove that g(θ) is a decreasing function of θ. The
�rst derivative of g(θ) regarding θ is as follows:

∂g(θ)

∂θ
∝ θebθ[(θ − 1)− bθ] (14)

Thus, for 0 < a < 1 and b > 0, the prior PDF g(θ) is a decreasing function of θ.
Suppose that a and b, are independent with bivariate PDF given by

p(a, b) = p(a)p(b) (15)
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the EB estimates of the parameter θ are expectation of the Bayesian estimate of
θ can be obtained as follows:

θ̂EB = E[θ̂B |x] =
∫
A

θ̂B(a, b)p(a, b)dadb, (16)

According to three various prior PDF of the hyper-parameters a and b, the EB
estimates of the parameter θ can be derived. As a result, prior distributions chosen
to show how di�erent prior distributions a�ect the estimation of the EB of θ. We
suggest the following prior PDFs

p1(a, b) =
1

c
, 0 < a < 1, 0 < b < c,

p2(a, b) =
2b

c2
, 0 < a < 1, 0 < b < c,

p3(a, b) =
2(c− b)

c2
, 0 < a < 1, 0 < b < c,

(17)

The EB estimate of θ under the SELF based on p1(a, b), p2(a, b), and p3(a, b) are
computed from (15), as follows

θ̂EB1 ∝
∫ 1

0

∫ c

0

1

c
θm+ae

−θ
[
b+

∑m
i=1 ln

(
1+ 1

xi

)] [
1−Rθ

]n−m
dbda (18)

θ̂EB2 ∝
∫ 1

0

∫ c

0

2b

c2
θm+ae

−θ
[
b+

∑m
i=1 ln

(
1+ 1

xi

)] [
1−Rθ

]n−m
dbda (19)

θ̂EB3 ∝
∫ 1

0

∫ c

0

2(c− b)

c2
θm+ae

−θ
[
b+

∑m
i=1 ln

(
1+ 1

xi

)] [
1−Rθ

]n−m
dbda (20)

It is evident that it is not possible to compute (13) and (18)-(20) analytically be-
cause it is very di�cult to get explicit forms for the marginal posterior distribution.
So we use MCMC method to approximate these.

5. Credibility Interval

For a speci�ed value of τ , we de�ne the 100(1−τ)% Credibility interval (Lθ, Uθ)
for θ by ∫ Uθ

Lθ

π(θ|x)dθ = 1− τ

where π(θ|x) is the marginal distribution of θ. In many cases it will be very di�cult
to obtain the marginal pdf. So, Metropolis Hastings algorithms have been used
to generate (θ1), (θ2) · · · (θN ) from π(θ | x). Using these generated values of θ,
simple formulas have been obtained to compute the credibility intervals for θ in
the following form:

1

N

N∑
i=1

∫ ∞

Lθ

π(θi | x)dθ = 1− τ

2
,

1

N

N∑
i=1

∫ ∞

Uθ

π(θi | x)dθ = 1− τ

2
.
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6. MCMC Method

The posterior distribution of θ under Bayes and E-bayes technique cannot be
reduced analytically to well known distributions and therefore it is impossible to
sample directly by standard methods. So, to generate random numbers from this
distribution, we use Metropolis-Hastings algorithm in order to obtain estimates of
θ and functions of θ such as R(t) and H(t) and the credible intervals.

Algorithm of Metropolis-Hastings(MH) method:

1. Take some initial guess of θ say θ(0), M = burn-in.

2. Set j = 1.

3. Using Metropolis-Hastings, generate θ(j) from the posterior distribution π(θ |
x) with N(θ(j−1), σ2) as proposal distribution where σ2 is the variance of θ
obtained using variance-covariance matrix.

(i) Calculate the acceptance probability

ϕ = min

[
1,

π(θ|x)
π(θj−1|x)

]
(21)

(ii) Generate u from a Uniform(0, 1) distribution.

(iii) If u ≤ ϕ, accept the proposal and set θi = θi−1

4. Compute R(t) and H(t) as

R(t)(j) = 1−
(

t

1 + t

)θ(j)

H(t)(j) =
θ(j)tθ

(j)−1

(1 + t)1+θ(j)

[
1−

(
t

1+t

)θ(j)
]

5. Set j = j + 1.

6. Repeat steps 3-5 N times and obtain θ(j), R(t)(j) and H(t)(j), j = M +
1, . . . , N .

The Bayes estimate of λ = [θ,R(t), H(t)] under SELF is given by

λ =
1

N −M

N∑
k=M+1

λ(k)

To compute the credible intervals, sort the samples of the parameters gener-
ated by MH algorithm in increasing order and then compute the 100(1−γ)%
credible intervals of θ, R(t) and H(t) as[

λ(N−M)( γ
2 ), λ(N−M)(1− γ

2 )
]

(22)

Revista Colombiana de Estadística - Applied Statistics 48 (2025) 247�267



256 Ableen Kaur & Parmil Kumar

7. Illustration Example and Simulation Results

7.1. Illustration Example

In this section, we use the following real data presented in Sana et al.(2023)
which is the vinyl chloride data obtained from clean upgrading, monitoring wells
in mg/L; this data set was used by Bhaumik et al. (2009). The data is 5.1, 1.2,
1.3, 0.6, 0.5, 2.4, 0.5, 1.1, 8.0, 0.8, 0.4, 0.6, 0.9, 0.4, 2.0, 0.5, 5.3, 3.2, 2.7, 2.9, 2.5,
2.3, 1.0, 0.2, 0.1, 0.1, 1.8, 0.9, 2.0, 4.0, 6.8, 1.2, 0.4, 0.2.

For this data set, the value of K-S test statistic is 0.144 with p-value 0.472 which
favors the null hypothesis that the data follows the Inverse Pareto Distribution.
Figure 1 and Figure 2 indicate that the Inverse Pareto distribution provides a
satisfactory �t. According to UHCS, we consider the six cases as following:
Case I (r = 20, k = 15, T1 = 1.5, T2 = 4.5), Case II (r = 25, k = 20, T1 =
1.5, T2 = 4.5), Case III (r = 25, k = 23, T1 = 1.5, T2 = 4.5), Case IV (r = 30, k =
20, T1 = 1.5, T2 = 4.5), Case V (r = 30, k = 25, T1 = 1.5, T2 = 4.5), and Case
VI (r = 30, k = 28, T1 = 1.5, T2 = 4.5). For the Bayesian inference, the prior
parameters are chosen (a, b) = (1.5, 1.18).

Figure 1: Empirical and Fitted CDF.
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Figure 2: pp plot.

Table 1: Estimates of θ, Reliability and Hazard rate function for the example.

Case n r k T1 T2 θ̂M θ̂M θ̂EB1 θ̂EB2 θ̂EB3

1

34 1.5 4.5

1.2251 1.2186 1.2324 1.2165 1.2214

2 1.2233 1.2159 1.2298 1.2146 1.2193

3 1.2231 1.2245 1.2298 1.2144 1.2192

4 1.2186 1.2292 1.2254 1.2127 1.2135

5 1.2403 1.2477 1.2436 1.2250 1.2349

6 1.2375 1.2369 1.2422 1.2226 1.2338

Case n r k T1 T2 R̂M R̂M R̂EB1 R̂EB2 R̂EB3

1

15 1.5 4.5

0.7397 0.7313 0.7348 0.7302 0.7316

2 0.7391 0.7303 0.7340 0.7297 0.7310

3 0.7382 0.7331 0.7340 0.7296 0.7310

4 0.7378 0.7344 0.7329 0.7291 0.7294

5 0.7440 0.7388 0.7378 0.7328 0.7519

6 0.7432 0.7367 0.7375 0.7321 0.7348

Case n r k T1 T2 ĤM ĤM ĤEB1 ĤEB2 ĤEB3

1

15 1.5 4.5

0.5747 0.5815 0.5765 0.5826 0.5808

2 0.5755 0.5827 0.5775 0.5833 0.5816

3 0.5751 0.5792 0.5737 0.5834 0.5816

4 0.5773 0.5774 0.5791 0.5841 0.5837

5 0.5689 0.5709 0.5724 0.5792 0.5758

6 0.5700 0.5744 0.5729 0.5801 0.5762
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7.2. Simulation Results

To compare the performance of all previously proposed estimates for the pa-
rameter, reliability and hazard rate function, we simulate the estimates, their
MSEs and also the Asymptotic relative e�ciencies (ARE) between two estima-
tors. Following are the steps:

1. For Bayesian estimation, for the given set of prior parameters a and b, we
generate θ using equation (13).

2. Similarly for E-Bayesian estimation, we generate θ for a given set of prior
parameters a, b and c using equation (17).

3. Making use of θ obtained in Step 1 and Step 2, we generate a sample of size
n of upper ordered values from IPD.

4. For di�erent values of r, k, T1 and T2, the MLE's have been computed as
explained in Section 2.

5. For the same values of r, k, T1 and T2, the Bayesian and E-Bayesian estimates
of θ based on SELF using MCMC method.

6. The above steps (2-5) have been repeated N times.

7. If ξ̂j is an estimate of ξ, based on sample j, j = 1, 2, . . . , N , then the average

estimate
¯̂
ξ and the MSE over the N samples have been given, respectively,

by
¯̂
ξ = 1

N

∑N
j=1 ξ̂j and MSE(ξ̂j) =

1
N

∑N
j=1(ξ̂j − ξ)2.

8. Using Step 7, the quantities MSE(θ̂), MSE(R̂) and MSE(ĥ) have been com-
puted.

9. The approximate con�dence and credible intervals have been computed for
di�erent values of r, k, T1 and T2.

10. The results have been summarized in Tables 2 to 7.

The average lengths of the CrIs is obtained by 10,000 sampling from the pos-
terior distribution. The UHCS samples from Inverse Pareto distribution are gen-
erated for sample n = 25,50 and 75. Using these samples MSEs of all estimators
are calculated for θ = 0.8 and 1.75. For reliability function, we set t = 0.5. The
prior parameters for the Bayesian inference are chosen (a, b) = (0.4, 0.5) when
value of true parameter θ = 0.8 and (a, b) = (0.7, 0.4) when value of true pa-
rameter θ = 1.75. For E-Bayesian inference the prior parameters are chosen
(a, b, c) = (0.5, 1.4, 1.75).

The ARE is helpful for comparing the performance of the Bayes and E-Bayes
estimator with the MLE. The ARE is de�ned as follows:

ARE(ξ̂∗, ξ̂) =
MSE(ξ̂)

MSE(ξ̂∗)
(23)
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where the MSE(x̂i) is the mean square error of the parameter ξ̂. If ARE(ξ̂∗, ξ̂) >

1, MSE(θ̂∗) is more e�cient than MSE(ξ̂). Figure 3 depicts the plot of the
MCMC output and histograms of θ under Bayesian and all three E-Bayesian esti-
mation techniques.

Under Gamma prior

Figure 3: Histogram and Simulation number of θ(= 1.75) by MCMC method using
Bayesian(top) and E-Bayesian methods (last 3).
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8. Conclusion

In this paper, we derived Classical, Bayesian and E-Bayesian estimators of the
the unknown parameter, reliability and hazard rate function of Inverse Pareto
distribution when the data is collected under the uni�ed hybrid censored data.
The MLEs, AREs, CIs and CrIs are also discussed. The techniques are applied to
real life data set.

The Bayes estimators perform better than the MLEs in most of the cases
while the E-Bayesian estimators perform better than both the MLE and Bayes
estimators in all the cases.
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